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o~ Context

* Structured data (Strings, Trees, Graphs)
* Recurrent need of similarity measures in Machine Learning

< Edit Distance (ED)

* Theoretical framework
© Probabilistic models (Pair-HMMs, transducers, PDFAs, ...)
* Aim
o To provide a platform grouping together the state of the art

algorithms for learning edit parameters

= SEDIL

Accuracy: 92,86 %
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/Definition

4 Edit DS
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An Edit script is a sequence of edit operations (insertion, deletion,
substitution) allowing the transformation of an input data X into an

output data Y.
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The Standard Edit Distance (ED) between X and Y is the
cost of the less costly edit script.
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Example

/Crucial step

AN

pair of strings

Manual setting of the edit costs (depends on the domain).

input string ab
output string a a

Edit scripts

{@-a.b-a; @-x,
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The Probabilistic Edit Similarity (ES) between X and Y is
defined as: ES(X,Y)=-log p(X,Y), where p(X,Y) is the (joint or
conditional) probability of transforming X into Y, according to
Qither the best script (Viterbi) or all the possible scripts (stochasticb
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/Crucial step

Learning of a distribution over the edit operations
\(automatic capture of the domain knowledge).

} where A is the empty symbol

= a,Ax-a ; (a-a,
c|MAN|a|b]|Apriori fixed edit costs:} {Learned edit probabilities|g A a b
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